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In 2020, the police killed over 1000 people in the United States. That year was

no anomaly: Each year between 2015 and 2019, just under 1000 recorded deaths occurred

during police interactions (Sullivan et al., 2019). Some of these deaths ignited protests—

both locally, such as the death of David Jones in Philadelphia (Sasko, 2017), and nationally,

such as the murder of George Floyd in May of 2020 (Buchanan, Bui and Patel, 2020)—, and

they spurred on political activism and movements pushing for change, such as Black Lives

Matter and #DefundThePolice. Initial studies find greater police reform occurring in those

areas where protests occurred (Buchanan, Bui and Patel, 2020) and that they – at least

temporarily – shifted public opinion (Reny and Newman, 2021; Wasow, 2020). However, it

is unclear whether such killings typically spur on political action and activism, as not all

incidents garner media attention nor spur protests. Further, few studies have questioned

whether police killings are linked to other forms of political participation, such as voting,

the focus of this paper.

Prior research provides conflicting expectations on whether the public may be mo-

bilized to vote in the wake of a police killing. Research on contact with the police and

carceral state tells us that personal contact demobilizes (Burch, 2011; Lerman and Weaver,

2014; White, 2019b), while proximal contact can sometimes mobilize people with respect

to extra-voting activities but has almost no relationship with voter turnout (Walker, 2014,

2020; White, 2019a). Conversely, research on place-based mobilization tells us that voter

turnout may increase in the wake of localized (negative) policy change where a narrative

connects an event to a cause to action (Nuamah and Ogorzalek, 2021), as does theory con-

cerning racialized policy feedback (Garcia-Rios et al., 2020). Further, these theories tell us

that if that narrative resonates with the community then mobilization is more likely and

effects may be amplified. Extending this framework to local tragedies whose source can be

tied to government policy or action (i.e., local police killings) prompts a similar expectation:

those with community contact with the police may turn out at higher rates (H1).

To test these competing expectations, we first offer a novel empirical study of the
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effect of police involved killings on block group-level voter turnout in 2016 and 2020 using

nationwide voter files. We leverage the random timing of a police killing shortly before or

after election day and a regression discontinuity in time (RDiT) approach incorporating state-

of-the-art econometric recommendations (Calonico, Cattaneo and Titiunik, 2014; Stommes,

Aronow and Sävje, 2021) to measure whether turnout was higher in neighborhoods with a

police killing immediately preceding election day. We find that local communities within a

half-mile of a police killing turn out to vote at higher rates.

These findings on the political implications of police killings prompt the question of

why. One explanation is that the narratives surrounding police killings allow local commu-

nities to understand and respond to the tragedy that has occurred (Nuamah and Ogorzalek,

2021; Walker, 2019, 2020): the killing was caused by specific policing practices that target

Black communities, which can be addressed through a change in policies or who is elected

to office (i.e., by voting). These narratives may be particularly strong if they resonate more

with the community, such as predominately Black communities, or specific killing, such as

when a Black individual is killed (Walker, 2020; Garcia-Rios et al., 2020; Jefferson, Neuner

and Pasek, 2020; Burch, 2021). Further, such narratives provide structure for longer term

organization and mobilization – rather than simply a gut reaction. This produces three

additional implications: (1) mobilization effects will be more pronounced among predomi-

nately Black communities and in instances where the person killed is Black; (2) proximity to

shootings will increase support for abolishing or defunding the police, one potential policy

response; and (3) voter registration, a closely related form of participation, will increase

immediately following a killing and around the voter registration deadline.

To test each, we turn again to our neighborhood-level turnout estimates and demon-

strate that the effects we observe are concentrated in Black neighborhoods and when the

victim is Black. Of course, knowing that Black neighborhoods turned out at higher rates

following a police killing provides little evidence on how they voted. To that end, we turn to

precinct-level results from a 2021 Minneapolis ballot initiative that proposed police abolition.
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We show that voting precincts closer to a police killing were more supportive of abolition.

While this relationship is not causal, it is consistent with a causal mechanism that leads

voters exposed to police violence to (a) be less supportive of the police and (b) turn to the

ballot box to voice displeasure. Finally, to explore the effect of a police killing on another

form of political participation, we also estimate a two-way fixed effects model (Callaway and

Sant’Anna, 2021) testing the effect of police killings on block group-level weekly registration

counts in 2020, finding that block groups near police killings see increased registrations. This

treatment effect is concentrated not in the weeks following the police killing, but in the weeks

preceding the registration deadline.

Across the two pieces of our study, we find that police killings can electorally mobilize

local communities, and that this is more pronounced among communities where narratives

are more likely to resonate. In doing so, our study makes three key contributions. First, we

advance our understanding of local political mobilization by distinguishing between three

types of contact – personal, proximal, and community – with the criminal legal system. We

show that, in contrast to personal and proximal contact, community contact can increase

turnout. In doing so, we extend the theory of place-based mobilization to span not just

sudden, geographically-bound policy changes but also events that can be tied to government

policy or action. Second, building on prior work focused on specific localities that may be

unique in their histories or contexts, we construct a national test showing mobilizing effects

across the United States. Finally, our use of national voter files coupled with advanced

statistical causal estimation methods joins a growing body of work (e.g. Tam Cho, Gimpel

and Hui, 2013; Hersh and Nall, 2016; Brown and Enos, 2021) that uses hyper-local data to

understand political processes that are geographically-bounded.
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Community Contact and Turnout

Different theoretical lenses predict distinct participatory responses to community contact

with officer-involved deaths or police killings: contact type with the criminal legal system,

and the nature of that contact, affect mobilization differently. These expectations also vary

based on the type of participation studied, with studies finding distinct patterns when looking

at voting compared with other forms of participation, such as protest and contacting elected

officials (e.g., Walker, 2020). Unlike many prior studies, which have examined protest

(Williamson, Trump and Einstein, 2018), public opinion (Reny and Newman, 2021; Wasow,

2020), educational outcomes (Ang, 2021), and government contact (Cohen et al., 2019) in

the wake of police shootings, we focus on voter turnout, as it is one of the most common

forms of political participation and closely tied to who holds elected office.

Prior work on contact with the police and carceral state has primarily focused on

personal contact, which is first-hand or direct contact an individual has with the police or

carceral state (e.g., they are arrested), and proximal contact, which is close but second-

hand contact an individual has with the police or carceral state (e.g., a family member,

friend, or loved one is arrested). Scholars studying personal contact tend to focus on two

explanations for how such contact structures participation in electoral politics: (1) resources

are stripped from an individual, such as time and funds, limiting or barring participate

even if desired; and (2) it alienates and stigmatizes individuals by communicating that

they do not belong, teaching that they should not participate in government or the system,

resulting in what Monica Bell (2017) terms “legal estrangement.” As such, these studies

hypothesize that the likelihood of voting immediately following contact decreases, as voting

is a form of participation directly tied to our understanding of “who counts” and political

belonging. Support for this proposition has been seen regardless of the test conducted be

it with survey data (e.g., Lerman and Weaver, 2014), which additionally show greater

substantive relationships for harsher forms of contact, or causal estimates generated using

observational data (White, 2019b). Similar patterns have been shown for those with personal
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contact with other government bureaucracies that stigmatize or transmit messages that one

does not belong (e.g., Soss, 1999; Michener, 2018).

However, our focus here is on community contact, which is diffuse contact an individ-

ual has with the police via community incidents, word of mouth, and/or the media, rather

than personal contact with the police. In other words, this sort of contact comes not from di-

rect, personal experience, nor the experience of a loved one—rather, it is mediated through

an individual’s relationship with their community. While she does not call it community

contact, Burch (2013) questions whether greater levels of surveillance in the form of higher

rates of contact with the carceral state (i.e,. higher incarceration and parole rates) relate

to differential levels of community political participation. She finds that communities with

high incarceration or parole rates perceive and internalize messages that they do not belong

and that communities under greater surveillance turn out to vote at lower levels. Morris

(2021) similarly finds evidence that the recent incarceration of community members reduces

neighborhood-level turnout. Each of these works focus on geographically, localized effects,

which we adopt here as well.

Conversely, recent political science studies of proximal contact find either no relation-

ship or a limited demobilizing effect between proximal contact and voting. Scholars point to

two key distinctions between personal and proximal contact to explain these results. First,

the costs incurred by personal contact, in the form of time and material resources, may not

be incurred with proximal contact and to the extent that they are it is to a lesser degree.

Second, the alienating messages transmitted in personal contact are more distant or not ap-

plicable to those with proximal contact. Again, recent studies turning to both survey data

(Walker, 2014; Walker and García-Castañon, 2017; Walker, 2020) and to causal estimates

generated using observational data (White, 2019a) find no long-term relationship between

turnout and proximal contact. While none of these studies show long-term associations,

White (2019a) does find negative short-term effects, which she attributes to an immediate

resource drain and associated disruptions. In contrast, multiple studies show increased likeli-
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hoods of extra-voting participation, such as protesting or contacting elected officials, among

those with proximal contact (e.g., Walker, 2019, 2020), and that closer proximal ties are

associated with larger substantive relationships (Walker, 2014).

While prior work has provided key insights in this space, our focus may be sufficiently

distinct that different theoretical mechanisms may be more appropriate. Not only is com-

munity contact distinct from personal and proximal contact, but police killings may also be

distinct vis-a-vis other forms of police contact, as it is extremely harsh and far less common.

Moreover, some individuals in over-policed and incarcerated neighborhoods believe in the

necessity of the criminal legal system and an active police force (e.g., Forman, 2018). Ex-

trajudicial killings by the state, however, may violate our traditional sense of justice given

the central place a trial by jury enjoys in American culture, as highlighted by discourse

surrounding the trial of those who murdered Ahmaud Arbery. Finally, anecdotally, police

killings appear much more likely to make the news, spur on protests, and produce change,

as seen by legislators naming reform bills after victims. Thus, looking outside of the direct

literature on participation and contact to a related literature on place-based mobilization

and racialized policy feedback may prove fruitful.

In their theory of place-based mobilization, Nuamah and Ogorzalek (2021) describe

how citizens respond to geographically concentrated policy change, where mobilization and

engagement are based on community context. Three key characteristics of geographically

concentrated policy effects are: (1) they occur in some geographical areas of a city or state

but not others; (2) members of the community who are not directly, personally affected can

still discern and feel the effects of the policy; and (3) members of the community understand

the policy change as particularly targeted at them, which is communicated via narratives. In

the face of geographically concentrated negative policy effects – or policy threat –, community

members will mobilize to oppose them. For example, in 2012 Chicago initiated the closure of

49 public schools throughout the city that disproportionately targeted communities of color,

which narratives surrounding the closures highlighted. In the wake of these closures, which
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resonate with a narrative of the Black community in Chicago being targeted, Nuamah and

Ogorzalek (2021) document increased mobilization, with respect to turnout and other forms

of participation, and an uptick in support for reform of the structure of the city’s school

board.

More generally, as Garcia-Rios et al. (2020) discuss, communities of color, particularly

Black Americans, have both a group consciousness and understand that many government

polices are targeted at their community, which means Black Americans are more likely to

mobilize in the face of (proposed) negative policy changes that affect their (local) commu-

nity. This corresponds with what some have found with respect to the mobilizing effects of

threatening immigration policy on Latino communities (e.g., Barreto et al., 2009) and what

Laniyonu (2019) finds in his exploration of the effect of Stop, Question, and Frisk stops in

New York City. After finding evidence that these low-level police stops were associated with

higher neighborhood turnout in local and presidential—but not midterm—elections, he con-

cludes that, “in electoral contexts which present communities with an opportunity to address

the threat or harm constituted by policing, policed communities may mobilize to counter-act

that harm” (Laniyonu, 2019, 551, emphasis added). In other words, policy threat targeted

at specific groups can increase voter turnout.

While both Nuamah and Ogorzalek’s (2021) place-based mobilization theory and

these policy-threat based explanations center on responses to specific (proposed) policies, the

underlying logic may also apply to events that are understood to be caused by government

or government policy. Events or incidents occur within a geographic area, and are likely to

impact those in the immediate area to a greater extent than those farther away. Additionally,

those in the immediate area may be more likely to know something happened via local media,

(online or in person) community groups, or local organizations, which means even though

they are not directly, personally affected they can still discern the effects of the incident.

Finally, narratives or the causal stories we tell about these events can connect government

action or policy to the specific outcomes by way of targeting a specific group, as observed
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with specific proposed or implemented policies (e.g., Nuamah and Ogorzalek, 2021). In other

words, these theories may not only apply to specific policies but also to incidents or events

stemming from broader policy or action.

In the case of police killings, a dominant narrative connects killings to systemic forces:

aggressive over-policing of predominately Black neighborhoods seeks not necessarily to in-

crease public safety but rather to maintain control, resulting in the unnecessary and unjust

deaths of Black people at the hands of the police. In other words, there is a narrative of

racial injustice perpetuated by the police, an arm of government. Examples of this narra-

tive can be seen in the coverage of the deaths of Breonna Taylor and the murder of George

Floyd. In the wake of each death, the public mobilized and called for change, with propos-

als ranging from specific changes (e.g., barring no-knock warrants) to abolishing the police.

These narratives recognize government as the cause, so to address it one must change the

government. Prior movements and campaigns provide blueprints for how communities can

push for such change: by organizing and then mobilizing, which includes going to the polls.

Indeed, this corresponds with Walker’s work (2019, 2020) on proximal contact, which shows

that greater internalization of the injustice narrative is linked to greater non-electoral partic-

ipation among those with proximal contact. Similarly, Jefferson, Neuner and Pasek (2020)

and Burch (2021) document that Black Americans seem to (sometimes) process information

about police killings differently than their white counter parts, with Burch (2021) finding

that police killings increase the turnout of Black Americans using survey data.

Together, this implies that: In communities where a police killing recently occurred,

voter turnout will increase (H1). Here, this means the turnout of census block groups

near a police killing immediately before the 2016 and 2020 elections relative to those near

killings immediately afterwards. We should note that these mechanisms are not necessarily

mutually exclusive: some residents may personally know the victim. However, we expect

most individuals to not closely or personally know, which means we expect community

contact to best explain observed responses.
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Data on Police Killings

To identify where police killings occurred, we rely on data about extrajudicial killings from

two sources: the Washington Post’s Fatal Force Database,1 and Mapping Police Violence.2

The Fatal Force data begins in January, 2015, while the Mapping Police Violence data begins

in January, 2013. These two datasets record about 6,500 unique police killings between

January 1, 2016, and August 31, 2021. The data collected by the Washington Post is

compiled by “culling local news reports, law enforcement websites, social media, and by

monitoring independent databases” (Tate et al., 2016). The Mapping Police Violence data,

meanwhile, comes from official use of force data collection programs in some states and

the crowdsourced Fatal Encounters database. Although the Fatal Force data includes only

information about individuals killed by a police shooting, Mapping Police Violence includes

all known killings, regardless of how the individual died. We should note that this may bias

our results toward (well-)known killings, especially in cities and states that do not have a

mandatory reporting systems. However, there is not a more comprehensive, national source

than these commonly-used open sources of data, as official government sources systematically

under-report police violence: According to a paper recently published in The Lancet, fewer

than half of police killings between 1980 and 2019 were reported in the USA National Vital

Statistics System (GBD 2019 Police Violence Subnational Collaborators, 2021).

We include all police killings that appear in at least one of the two datasets, with most

police killings observed in both (87%). About 81% of all records are already geocoded. We

geocode the remaining records using the Texas A&M GeoServices tool,3 retaining only those

records coded with at least 95% certainty. Between the original providers and the Texas

A&M tool, we have the coordinates for 91% of recorded killings that occurred between 2016

and 2021.

We specifically look at killings that occurred in the two months before or after the
1https://www.washingtonpost.com/graphics/investigations/police-shootings-database/
2https://mappingpoliceviolence.org/
3https://geoservices.tamu.edu/
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Figure 1: Police Killing within 2 Months of 2020 Election

Killing Timing Before Election After Election

presidential elections in 2016 and 2020. As the map in Figure 1 shows, killings occurred all

around the country in 2020. While killings are concentrated in urban areas, nearly every

state in the country saw a police officer kill someone in this 4 month period.4 Similar patterns

are seen in 2016, presented in the supplementary information (SI).

This data is then combined with shapefiles made available by the U.S. Census Bureau

for each block group in the country to measure neighborhood proximity to a police killing.

With this, we calculate the distance between each neighborhood’s geographical center (“cen-

troid”) and the nearest police killing in a given time period for our proximity measure. Our

use of block group distance to police killings probably biases our results toward denser areas,

where the smaller geographical size of block groups increases the number whose centroids

are physically close to any given shooting.
4There were just 3 states (Arkansas, North Dakota, and Rhode Island) plus Washington, D.C., that saw

no police killings in the 2 months before or after the 2020 election.
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Testing the Effects on Voter Turnout

We begin by testing whether extrajudicial police killings structure voter turnout in the

surrounding area. To do so, we leverage two datasets: Snapshots of the registered voter

file, and citizen voting age population (CVAP) estimates from the U.S. Census Bureau.

L2 Political collects and distributes these registered voter files, which are widely used in

political science research. The records are geocoded, include their registration date, and

indicate whether voters participated in a given contest. We specifically use snapshots of

each state’s registered voter file from L2 shortly following each of the 2014–2020 federal

elections. By aggregating these individual-level turnout records, we can precisely estimate

the number of ballots cast in each block group for these four elections. Turnout estimates

from 2014 and 2018 are used as controls in our primary models.5

Measuring turnout as a share of registered voters has theoretical drawbacks, as voter

files are not always reflective of who is currently residing in the area and eligible to vote, an

especially acute problem when the treatment under study might impact registrations (e.g.,

Nyhan, Skovron and Titiunik, 2017). To circumvent this problem, we calculate turnout by

dividing the number of ballots cast in each block group by the CVAP of that block group.

Turnout in each year uses the 5-year CVAP estimates ending with the year of that election.6

Although these 5-year estimates understate the CVAP where the population is growing

quickly, this denominator is far less related to our research question than the number of

registered voters. Further, there is no reason to suspect it introduces meaningful, systematic

bias into our analysis.

Using the calculated turnout for each block group in the country in 2016 and 2020,

we leverage a regression discontinuity in time (RDiT) to test whether proximity to police

killings influences turnout. An RDiT requires an observable “cut-point” date, with only
5L2 also makes a list of participating voters available for North Dakota which we use for our turnout

estimates.
6As the 2020 CVAP and ACS estimates have not been released at the time of writing, we instead use the

2019 estimates, as it is likely that estimates will minimally change between 2019 and 2020.
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observations on one side of the cut-point receiving the treatment. The cut-point must also

be unrelated to the treatment. Here election day serves as the cut-point, and we assume

that police killings occur as-if at random with respect to election day. More specifically,

block groups near a police killing before election day are the treatment group, while those

near a police killing after election day are controls. Because a police killing that occurs

after election day cannot influence turnout, any discontinuity in turnout between pre- and

post-election block groups can be attributed to the police killing.

To make credible causal claims using the regression discontinuity framework, obser-

vations on either side of the cut-point must be virtually identical except for their placement

relative to the cut-point. Using 5-year Census Bureau’s American Community Survey (ACS)

estimates, Table 1 shows that this may be too strong of an assumption. Block groups where

a police killing occurred before the election are whiter, less Black, and had higher turnout

in the previous midterm election. The table displays the characteristics of all block groups

whose centroid was within 0.5 miles of a police killing in the 60 days before or after the

election.

To account for differences between observations on either side of the cut-point, we

employ entropy balancing, which has previously been used to improve the validity of regres-

sion discontinuity designs (Hainmueller, Hall and Snyder, 2015). Entropy balancing assigns

control observations weights, such that the control group mirrors the treatment group along

a set of identified covariates. Here, block groups where a police killing occurred after the

election are weighted such that they mirror block groups where a killing occurred before elec-

tion day. Table 1 shows that this weighting process was successful at removing systematic

differences between observations on either side of the cut-point. In addition to entropy bal-

ancing weights, we use OLS covariate adjustments in the local linear equations with the same

variables (and including a year fixed effect). In the SI, we show that our results continue to

hold if we use only entropy balancing, only OLS covariate adjustment, or no adjustments at

all. Similarly, our results hold when our dependent variable is not turnout in 2016 and 2020,
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Table 1: Demographics of Block Groups with Police Killings

Not in
Dataset

Treated Unweighted
Controls

Weighted
Controls

2016
% White 63.3% 38.3% 31.7% 38.3%
% Black 12.5% 20.9% 32.0% 20.9%
% Latino 16.0% 29.1% 29.2% 29.1%
% Asian 4.7% 8.2% 4.2% 8.2%
Median Age 40.6 36.4 34.6 36.4
Median Income $69,119 $51,999 $43,402 $51,999
Population Density 6,130 16,112 19,164 16,112
Previous Turnout 35.9% 28.5% 26.6% 28.5%
Number of Block Groups 207,399 341 468 468
Number of Killings 0 95 116 116

2020
% White 63.0% 38.1% 31.4% 38.1%
% Black 12.6% 16.6% 29.9% 16.6%
% Latino 16.2% 37.5% 28.7% 37.5%
% Asian 4.7% 4.4% 6.4% 4.4%
Median Age 40.6 36.3 36.4 36.3
Median Income $69,365 $54,935 $55,469 $54,935
Population Density 6,208 24,550 26,470 24,550
Previous Turnout 49.6% 44.7% 40.2% 44.7%
Number of Block Groups 204,422 443 436 436
Number of Killings 0 125 127 127

but change in turnout between 2014 and 2016 or 2018 and 2020.

As a first look at these results, we present a naive plot of the full set of data in

Figure 2, grouped into variance mimicking evenly-spaced bins. Figure 2 shows that turnout

was higher in block groups near a killing before the election, providing initial support for

H1. However, the figure does not indicate whether this observed discontinuity is statistically

significant; it does not correct for demographic differences in block groups on either side

of the cut-point; and the bandwidth is arbitrarily set to two months, not informed by the

underlying properties of the data.

Our formal RDiT models are estimated using the rdrobust (Calonico, Cattaneo and

Titiunik, 2015) package, which allows for the estimation of nonparametric bandwidths, bias-
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Figure 2: Regression Discontinuity Plot of Voter Turnout in Block Groups within 0.5 Miles
of a Police Killing
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corrected point estimates, and robust standard errors. We thus sidestep the major problems

recently associated with RDD designs (Stommes, Aronow and Sävje, 2021). We use a local

polynomial of 1 to avoid over-fitting the data (Cattaneo, Idrobo and Titiunik, 2019). As we

show in the SI, our results are robust to different polynomial specifications, and a series of

placebo regressions shifting the cut-point before or after election day shows our estimates

are not simply the artifact of statistical noise. Additionally, in the SI we explore the effect

of doubling the bandwidth from the nonparametrically determined one, and the effect of

using the nonparametric bandwidth on the treated side of the cut-point and extending the

bandwidth on the non-treated side. Our results are robust to these different specifications.

The effective sample sizes for all RDiT models can also be found in the SI.

In Figure 3, we plot the point estimates and 95% confidence intervals for the 0.5-mile

and other thresholds. As multiple block groups can be within the geographical threshold of a
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Figure 3: LATE By Distance from Killing
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single killing—that is, multiple block groups can be “treated” by the same killing—standard

errors are clustered by killing ID. At the far left of each panel, we test the discontinuity among

block groups within 0.25 miles of a police killing before or after the election. We gradually

expand that buffer until reaching a 1-mile buffer. Entropic weights are re-calculated each

time new treated and control observations are included inside the buffer; these weights and

OLS covariates are used in each model. In the left-most panel we plot traditional point

estimates and confidence intervals; the middle panel presents the bias-corrected bandwidths;

and the right-most panel uses these bias-corrected bandwidths with robust standard errors.

In each case, we use the MSE-optimal bandwidth and a triangular kernel function.

Figure 3 makes a number of things immediately clear. First, the local average treat-

ment effect (LATE) of a police killing on turnout is highly geographically concentrated. The

block groups closest to police killings saw their turnout increase dramatically—by as much

as 10 to 15 percentage points. This LATE—which is statistically significant at the 95% level

of confidence for block groups very near killings—decays relatively quickly, however. By
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the time block groups whose centroids were a mile from the killing are included, the point

estimate has dropped by two-thirds and is no longer statistically significant. The figure also

demonstrates that these estimates are robust to different estimation strategies. Figure 3

provides strong evidence in favor of Hypothesis H1: police killings appear to substantially

increase turnout, but these effects are highly geographically constrained.

Group and Place Based Mobilization

In the previous section, we provide evidence that local communities are mobilized by a police

killing occurring immediately before a presidential election. This raises new questions. As

work on racialized policy feedback and place-based mobilization would suggest, are there

racially heterogeneous effects? Are they directed at reforming the system? And, finally, are

these effects short-term responses by individuals, or do police killings enter into longer-run

politicization or organization of communities? In other words, we show evidence that police

killings increase turnout, but we do not know why.

As discussed above, scholarship on the power of narratives surrounding the criminal

legal system can provide insight into how these events might be politicized. Specifically,

Walker’s work (2019; 2020) argues that contacts with the criminal legal system that are

generally demobilizing can be mobilizing when understood in the context of particular nar-

ratives: “experiences with punitive policies are subject to interpretation and, when under-

stood through narratives of injustice, lead to wholly different participation outcomes than

we usually predict,” raising “the possibility for political resistance” (Walker, 2019, 132-133).

While Walker’s work focuses on the effects of proximal—not community—contact, the po-

litical and policy threat literature indicates that these narratives could extend beyond those

in close personal relationships to those with community contact with the carceral state. In a

study demonstrating that some Arab-Americans are mobilized when faced with governmen-

tal discrimination, Tam Cho, Gimpel and Wu (2006, 978) state: “A solid body of evidence...
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indicates that political mobilization is a direct response to the degree of threat and discrim-

ination a group experiences.” It seems likely that in the years since the killing of Michael

Brown and the growth of the Black Lives Matter movement, these narratives about the racist

nature of police killings would have national salience, which is what Burch (2021) and Jef-

ferson, Neuner and Pasek (2020) find. If these narratives about the carceral state extend to

the local community–that is, if they feel that a local police killing is evidence of government

discrimination against them, whether they knew the victim or not–there is strong reason to

expect that: turnout effects will be concentrated in Black neighborhoods (H2a) or following

the killing of a Black victim (H2b).

Further, within these place-based mobilization and racialized policy feedback frame-

works, we would expect not only turnout to increase—especially among Black community

and if the victim is Black—but also support for policies addressing the problem. Voters who

feel targeted by government action—police killings being an extreme example—appear to

view the ballot box as an apt venue for registering their anger (e.g., Tam Cho, Gimpel and

Wu, 2006; White, 2016; Towler and Parker, 2018). This surge in turnout, then, more likely

reflects anger with—and not affirmation of—the state’s practices. In this vein, Nuamah

and Ogorzalek (2021) show that a ballot measure calling for a shift towards election of the

Chicago school board (rather than appointment by the mayor) was more likely to appear

on the ballot and garnered more votes in precincts near a school closure. Similarly, García-

Montoya, Arjona and Lacombe (2021) show a shift towards voting for the party tied to

increased gun regulations—the Democrats—in areas where a rampage style school shootings

occur. As such, we expect that: geographical proximity to a police killing will be associated

with support for policing reforms on the ballot (H3). Policing reforms have infrequently been

put to a popular vote, so we focus on one recent proposal appearing on a local ballot in 2021:

abolition of the police in Minneapolis.

Finally, the existing literature on both criminal legal narratives and racialized policy

feedback also indicate that these effects are likely to be fairly durable. Insofar as the narra-
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tives surrounding police killings are in fact salient and politically mobilizing, local organizers

might incorporate them into longer-run political activity. We thus turn to a different ac-

tivity: voter registration, which is intimately tied with voting and can be influenced more

directly by activists. Registering an individual while they are walking home from the subway

or bus or at a community event is relatively low-cost for the registrant; actually voting may

be more difficult. We expect both an immediate increase in voter registration following a

police killing (H4), and an increase in registrations shortly before the registration deadline

regardless of when the killing occurred (H5), which would reflect a community-wide incor-

poration of the killing into baseline political behavior. This may occur either individually

and/or through the actions of political activists organizing the sorts of registration drives

common shortly before book-closing.

To evaluate these hypotheses, we turn to a trio of tests. While the first simply

incorporates additional information on the victim’s race and the racial composition of the

block groups to our previous analysis, our last two tests incorporate data from additional

sources.

Differential Degrees of Mobilization by Race

In our first extension, we question whether turnout increases more where we expect narratives

of injustice to be more resonant. We test the possible racialized component of police killings

in two ways: with respect to (a) the racial composition of the community and (b) the race of

the victim. All data comes from the dataset built in the previous section, with information

on the racial composition of the community coming from the 5-year ACS estimates and

victim race information coming from the Mapping Police Violence and Fatal Force datasets.

Of the 87% of victims whose race is known, 27% were Black individuals, 20% were Latinx

individuals, and 49% were white individuals. Using this information, we fit separate RDiTs

based on racial composition of the community and by victim race. Due to a smaller number

of observations in these subsets, we do not use entropy balancing, instead making only OLS
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adjustments. We report the estimates using non-parametric bandwidths, bias-corrected point

estimates, and robust standard errors.

Figure 4 asks whether the regression discontinuity estimates presented in the previous

section differ based on the racial composition of the neighborhood (4a and 4b) or by the race

of the victim (4c and 4d). Figure 4(a) indicates that the LATE differs markedly depending

on the composition of the neighborhood, with substantially larger effects in plurality-Black

block groups. The patterning of the coefficients is striking in Panel (a): Though there is

some evidence of immediate spatial decay in plurality-Black block groups, even precincts a

mile from the nearest killing saw average turnout increase by as much as 10-15 percentage

points. Latinx neighborhoods very close to a police killing see much higher turnout, though

these effects abate quickly with distance. In no case are the estimates for plurality-white

neighborhoods statistically significant, though they too trend toward zero as they become

further removed from the nearest killing. In 4b, we show that the LATE for plurality-Black

neighborhoods only approaches zero for block groups that are 7 or 8 miles from the nearest

police killing.

Figure 4 also uncovers marked heterogeneity by the victim’s race, particularly for

Black victims. Mirroring figures 4a and 4b, we see that the spatial decay of a mobilizing

LATE attributable to a police killing is unique for Black victims. In neighborhoods very

close to the killing of a Black individual we see very little effect at all, perhaps reflecting

competing mechanisms for individuals who may have known the victim or feel particularly

targeted by the killing. Block groups a mile or two from the nearest killing of a Black

individual—where narratives may dominate and proximal contact or identification with the

victim is less likely—saw turnout increases in excess of 20 points. Figure 4c shows that

Latinx victims are not mobilizing at a statistically significant level. The mobilizing effect of

White victims follows a similar pattern to the previous section. In Figure 4d, we again show

that the LATE for Black victims does not drop to 0 until block groups are about 8 miles

removed from the nearest killing.
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Figure 4: LATE by Distance from Killing by Race
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Note: Results in each subfigure come from regression discontinuity estimates run only on subsets of block
groups. Each includes OLS covariates: % white, % Black, % Asian, % Latinx, median income, median age,
population density, turnout in previous midterm election, and year FEs. Subfigures (a) and (b) test whether
there are heterogeneous affects by block group racial composition, while subfigures (c) and (d) test whether
there are heterogeneous affects by victim race. While the subfigures (a) and (c) show the LATE for block
groups whose centroids are up to 1 mile from a police killing, subfigures (b) and (d) include block groups up
to 10 miles from the nearest police killing.

These findings provide evidence in support of both H2a, with respect to the racial

composition of the community, and H2b, with respect to the victim’s race: despite mixed

results for Black communities nearest to killings, turnout effects are concentrated in the

places where we would expect narratives about racial injustice in the criminal legal system

to resonate.
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Increased Support for Abolishing the Police

Next we question whether there is increased support for reform – not simply increased

turnout. For this, we turn to a local election in Minneapolis, Minnesota, in the fall of 2021.

In 2020, a Minneapolis Police Officer murdered resident George Floyd. Floyd’s murder was

captured on video and sparked the largest wave of protests in the history of the United States

(Buchanan, Bui and Patel, 2020). In the aftermath of the protests, the Minneapolis City

Council moved to abolish the Minneapolis Police Department and replace it with a different

agency. This proposal came before Minneapolis voters as a ballot initiative in November,

2021, but failed to pass with 44% of voters casting their ballots in favor of police abolition.

Although the ballot initiative did not pass, it can still offer insight into how citizens exposed

to police violence respond. We use precinct-level results from the ballot initiative to test

whether precincts closer to a police killing supported abolition at higher rates (H3).

Information on the share of voters in a precinct who supported abolishing the police

department by precinct, the dependent variable, comes from the Minnesota Secretary of

State.7 Support for abolishing the police ranges from 17% to 78%, with a mean vote share of

45%. As before, the key independent variable is the distance from a police killing. Here this

is calculated as the distance between the precinct’s centroid (coming from city of Minneapolis

posted shapefiles) and the nearest police killing between January 1, 2013 (the earliest date

available in the Mapping Police Violence data) and the 2021 election. The police killed 11

individuals in Minneapolis during this time, 10 of which could be geocoded reliably.8 We

widen the time span here, as police killings are relatively rare in a single city, and focus only

on deaths occurring before the 2021 election as we are no longer in the RDiT framework.

Figure 5 shows the bivariate relationship between distance to a police killing and support for

abolition in 2021. Proximity to a police killing appears to be associated with greater support
7https://electionresults.sos.state.mn.us/Results/Index?ersElectionId=142&scenario=

ResultsByPrecinctCrosstab&QuestionId=1323
8The inclusion of the 11th, which was coded with 93.4% accuracy, results in a higher point estimate that

remains statistically significant at the 95% level.
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for the abolition ballot measure. While this provides some support for our third hypothesis,

this does not control for potential other explanations.

Figure 5: Support for Police Abolition and Distance to Police Killing in Minneapolis, MN
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To that end, we fit three regressions, which are presented in Table 2, using this

constructed data set and including controls.9 Police killings may be correlated with other

exposure to the criminal legal system, which could be associated with support for police

abolition. We therefore include the number of police stops in each precinct between January

1 and November 1, 2021. To control for underlying differences in the political preferences of

different precincts, we also control for the voteshare won by Joe Biden in the 2020 presidential

election one year earlier. Robust standard errors are again clustered by the ID of the closest

police killing.

Table 2 shows that the relationship between distance to the closest police killing and
9For the full table, see the SI.
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Table 2: Support for Abolishing Minneapolis Police Department

Model 1 Model 2 Model 3

Intercept 0.544* 0.453* 0.322
(0.032) (0.116) (0.189)

Distance to Closest Police Killing -0.068* -0.057* -0.029*
(0.022) (0.018) (0.011)

Logged Number of Police Stops in 2021 0.018 -0.004
(0.023) (0.013)

Demographic Controls N N Y

Num.Obs. 134 134 134
R2 0.161 0.172 0.765
R2 Adj. 0.154 0.160 0.744

Note: * indicates p < 0.05. Standard errors clustered by nearest killing. Demographic controls include the
percent of the population that is non-Hispanic Black, non-Hispanic white, Latinx, Asian, and with some
college. Additionally, they include: median income, median age, logged population density, and Biden’s
2020 vote share.

support for abolition is large and statistically significant at the 95% confidence level. Net of

other covariates, each additional mile between a precinct and a police killing is associated

with a nearly 3 percentage point decrease in support for police abolition; put differently,

precincts exposed to this sort of violence voted for the disbanding of the police at substan-

tially higher rates. Somewhat surprisingly, the number of police stops in 2021 is entirely

unrelated with a precinct’s vote on the ballot initiative (p = 0.44 in Model 2 and 0.77 in

Model 3). While these cross-sectional regression estimates are not causal in nature, they are

consistent with the hypothesis that police killings lead citizens to use the ballot to hold the

state accountable, and support H3.

Voter Registration

Having established that police killings increase turnout in nearby block groups, that these

effects are especially concentrated in Black block groups and when the victim is Black, and

that killings are similarly tied to increased support for reform, we now ask whether the

democratic consequences of police killings extend to another form of electoral participation:
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voter registration. Using voters’ registration date from the voter file allows us to test whether

the number of registered voters increases following a police killing.10

We look specifically at the number of weekly registrations recorded in the registered

voter file in each block group in each week for the 26 weeks ending with the voter registration

deadline in each state in 2020. We thus have a balanced panel of all block groups, though

the calendar dates these weeks represent differ based on state-level registration deadlines.

For this reason, only block groups that are never treated serve as controls. We estimate the

treatment effect using a two-way fixed effects (TWFE) model, with fixed effects for block

groups and weeks-before-registration-deadline. Block groups are considered treated following

a police killing that occurred within 0.5 miles of its centroid. We use the did package in R,

which allows for treatment effect heterogeneity and dynamics as detailed in Callaway and

Sant’Anna (2021). We additionally include controls for block group characteristics including

median income; share non-Hispanic white, non-Hispanic Black, Latinx, and Asian; median

age; and population density. We cluster robust standard errors by both the block group ID,

as well as the ID of the police killing by which they were treated.

Figure 6 presents two different ways of exploring the estimated treatment effect of

police killings on voter registration. In Figure 6a, we plot both the pre-treatment estimates

and the estimated treatment effect by length of time since treatment. The pre-treatment

estimates are what we would expect: small, non-significant, and unpatterned. The post-

treatment estimates indicate that there are positive treatment effects many weeks after a

police killing occurs.

Of course, the estimated treatment effects for later periods in Figure 6a bump up

against the registration deadlines for participation in the 2020 election. As such, we also

plot the estimated treatment effect in each week (relative to the deadline) in Figure 6b.

Here, the story becomes much clearer: in the weeks before the registration deadline there is

a significant increase in the weekly registration count (though this is not true of the very final
10North Dakota does not have voter registration and is thus excluded, as is New Hampshire which does

not include registration dates in the voter file.
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Figure 6: TWFE Estimates of Police Killings on Registration, 2020
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2 weeks). In the 8th through 3rd weeks before the deadline, the treatment effect averages an

additional 1.47 registrations per week. Given that the average post-treatment block group

only had approximately 5.9 registrations in those weeks, this corresponds to roughly a 33%
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increase in weekly registrations attributable to the police killing. The overall treatment effect

on the treated is roughly 0.42 registrations / week and statistically significant at the 95%

level using either aggregation method, translating to an increase of 14%, though this effect

is clearly concentrated later in the period.

Figure 6 highlights that police killings seem to increase the weekly count of registra-

tions in neighborhoods whose centers were close to a police killing in 2020. This effect is

concentrated near the registration deadline, indicating that police killings enter into a com-

munity’s baseline political socialization and pointing to a relatively durable effect. However,

the precise causal mechanism by which registrations increase is not clear. We cannot know

whether individuals incorporated the police killing into their own political socialization, or

if activists focused on block groups that witnessed a police killing when running registration

drives. Regardless, it indicates that any politicizing effect of a police killing is not merely a

momentary response, but a durable one. While we do not find support for H3, as registration

does not immediately increase in the wake of a killing, our evidence does support H4 with

expected increases in registrations in the period before the deadline.

Discussion

Access to the ballot box has long been considered necessary for citizens seeking to protect

themselves from an overzealous state. From the fight over the 15th Amendment following the

Civil War, to the Civil Rights Era’s focus on the Voting Rights Act of 1965, to contemporary

organizing around the John R. Lewis Voting Rights Advancement Act, Black Americans

have articulated the importance of voting to the securing of civil rights. Here, we provide

novel evidence that these beliefs and narratives extend beyond national rhetoric and into the

communities most impacted by extreme police violence. Ordinary Black Americans, it seems,

also turn to the ballot box following the police killing of a member of their local community.

Our exploration of registrations indicate that these effects are temporally durable, and the
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case study of Minneapolis implies that police violence undermines support for the police.

Our findings have implications for a number of literatures and raise questions for

future research. First, this study contributes to the general literature on how policy and in-

teractions with bureaucrats informs political participation—and specifically to the literature

on how contact with the criminal legal system shapes participation. We do so by explicitly

differentiating community contact with personal and proximal contact, contributing to our

broader understanding of how contact relates to participation. Further, this spurs additional

questions outside the scope of the current study that demand attention, such as whether po-

lice killings are unique compared with other forms of community contact with the police and

how experiences with different forms of police contact and activities relate to mobilization.

Our results from Minneapolis provide preliminary evidence that this is the case but do not

examine racial disparities in stops or other forms of contact. Additional and more targeted

research should be done on this question.

Second, we contribute to our understanding of local mobilization by extending and

tying together Nuamah and Ogorzalek’s (2021) place-based mobilization theory and Garcia-

Rios and colleagues’ (2021) work on racialized policy feedback. This study again underscores

the role that narrative may play and indicates that events attributable to a government cause

can mobilize in a manner similar to policy changes and proposals. Further, we do so in a

broader manner than previous studies in this area by looking across the United States rather

than at one or a small handful of cities or events at a time and by employing administrative

records from the more than 200 million registered voters in the country rather than turning to

survey data. We do so by leveraging multiple causal inference methodologies. While we show

support for the idea that political organizing occurs and lasts – at least for a few months – we

cannot directly test whether more organizations are formed, they gain members, or become

more active following a police killing. Additionally, we cannot test how long these results

last or why they do – or do not. Future research should explore each of these questions.

Together, these results broaden our understanding of how threatening governmen-
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tal actions translate into political behavior. Theories of legal estrangement indicate that

when the government becomes illegitimate in the eyes of citizens, they withdraw from all

engagement with the state. Studies examining the participatory consequences of personal

and proximal contact with the criminal legal system support this theory, but our results add

nuance to this conversation. It seems possible that different messages are communicated and

internalized dependent on contact type. As such, community contact with police violence

seems to activate a group-based response more in line with responses to policy threat, rather

than individual-level withdrawal as a means of self-preservation.
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1 Map of Killings Before and After 2016 Election

Figure A1: Map of Killings Within 2 Months of 2016 Election

Killing Timing Before Election After Election

2 Robustness Checks for Primary RD

2.1 Alternative Specifications for Regression Discontinuity

In the body of this manuscript we present estimated local average treatment effects (LATEs)

using a regression discontinuity approach that incorporates both entropy balancing and OLS

covariates. Here, we show that our primary results hold when we include only entropy

balancing, only OLS covariates, or no adjustment at all.
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Figure A2: Alternative Approaches for Ensuring Balance Across Cut-Point
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Figure A2 makes clear that the overall LATEs we identify in the body of the manuscript

are robust to alternative ways of ensuring that observations on either side of the cut-point

closely mirror one another. In fact, the estimated LATEs in the body of the manuscript are

in many cases smaller than those presented here, indicating that our primary approach is,

if anything, conservative.

2.2 Individual Plots for 2016 and 2020

Throughout the body of this manuscript we present results from 2016 and 2020 in combined

models. Here we present the plots from 2016 and 2020 individually. Although the estimated

effects are higher for 2016 and they do not drop to zero, the estimated effects follow the same

pattern for both years: neighborhoods close to a police killing see higher turnout, and these
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effects decay with spatial distance. Future research should investigate why these effects were

different in 2016 and 2020, but such an investigation is beyond the scope of this study.

Figure A3: LATEs for 2016 and 2020

Traditional Bias−Adjusted Robust

O
nly 2016

O
nly 2020

0.4 0.6 0.8 1.0 0.4 0.6 0.8 1.0 0.4 0.6 0.8 1.0

0.0

0.1

0.2

0.3

0.0

0.1

0.2

0.3

Radius Around Shooting (Miles)

Lo
ca

l A
ve

ra
ge

 T
re

at
m

en
t 

Ef
fe

ct

2.3 Sample Sizes for LATEs

In Figure A4 below, we present the effective sample size for each of the overall models. These

range from 141 to 2,000. It is worth noting that the sample size does not monotonically

increase. This is possible because each model uses a different non-parametric bandwidth,

and the bandwidth could be narrower despite using a wider radius around the police killing.

Figure A5 plots the effective sample sizes for each model presented in Figure 4 in the

body of this manuscript.
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Figure A4: Sample Sizes at Different Radii
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Figure A5: Sample Sizes at Different Radii
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(b) Extended Distance,
Plurality−Black Block Groups
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(c) By Victim Race
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2.4 Alternative Bandwidths for Regression Discontinuity

In Figure A6 we show the estimated treatment effects using different bandwidths. In the first

row, we show the LATEs using a bandwidth twice as wide as the nonparametric one from the

body of the manuscript. In the second row, we use the primary nonparametric bandwidth

for treated units, while allowing the RDiT to include all block groups near a police killing

between election day and 30 days following the election. In the third row, we allow this to

extend to 60 days. Although these are not uniformly statistically significant, they tell the

same general story as that presented in the body of the manuscript. They demonstrate a

large LATE that decays with spatial distance.
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Figure A6: LATE Using Different Bandwidths
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2.5 Alternative Polynomials for Regression Discontinuity

Throughout the body of the manuscript, we use a local polynomial of 1, following best

practice. In Figure A7 we show that our primary results for the 0.5-mile threshold are

consistent when we use a local polynomial anywhere between 1 and 5. Again, our choice of

a local polynomial of 1 appears to be, if anything, a conservative approach.
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Figure A7: LATE Using Different Polynomials
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2.6 Alternative Cut-Points for Regression Discontinuity (Placebo)

Figure A8 shows that election day is a meaningful cut-point and that, as expected, other

cut-points before and after election day do not map on to differences in turnout. This plot

uses the 0.5-mile threshold.

8



Figure A8: Placebo Alternate Cut-Points
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2.7 First-Difference in Turnout

Because it is possible that our “treated” block groups in the main analysis have higher

baseline turnout propensity, we here present another set of robustness RDiTs in which we

change our dependent variable from turnout in 2016 and 2020 to change in turnout in from

the previous midterm election. This means that the dependent variable for treated and

control block groups in 2016 is the first difference between 2014 and 2016 turnout; for those

in 2020, it is the first difference between the 2018 midterms and 2020 presidential election.

In Figure A9 we present the estimated coefficients from the regression discontinuity

models using this first-differencing approach. These models are identical to those presented in

the body of the manuscript, except turnout from the preceding midterm is excluded from the

entropy balancing process and the OLS adjustments. The estimated local average treatment
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effects are virtually identical to those presented in the main body of this manuscript, lending

credence to our claims regarding the causal effect of police killings on turnout at the local

level.

Figure A9: LATEs Using First Difference of Turnout
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3 Full Regression Table for Minneapolis Ballot Initia-

tive
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Table A1: Support for Abolishing Minneapolis Police Department

Model 1 Model 2 Model 3

Distance to Closest Police Killing -0.068* -0.057* -0.029*
(0.022) (0.018) (0.011)

Logged Number of Police Stops in 2021 0.018 -0.004
(0.023) (0.013)

Pct. Non-Hispanic Black -0.179
(0.217)

Pct. Non-Hispanic White 0.392
(0.236)

Pct. Latinx 0.519
(0.304)

Pct. Asian 0.272
(0.219)

Median Income ($10,000s) -0.030***
(0.002)

Pct. with Some College 0.087
(0.078)

Median Age -0.009***
(0.001)

Logged Population Density -0.035*
(0.013)

Biden Voteshare in 2020 0.818***
(0.155)

Intercept 0.544*** 0.453** 0.322
(0.032) (0.116) (0.189)

Num.Obs. 134 134 134
R2 0.161 0.172 0.765
R2 Adj. 0.154 0.160 0.744
Standard errors clustered by nearest killing.
* p < 0.05, ** p < 0.01, *** p < 0.001
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